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e Signed Dual Attention: a novel attention mechanism.

Motivation

e Small Datasets: insufficient observations for large models.
e Signed Relationships: series may move together or oppositely [1, 2|. e Dual message passing: mimics a two-head attention.
e Standard attention: cannot capture alone signed relationships |3|. e Parameter-efficient: uses shared parameters.

e Weight Sharing: lost if dealt with multi-head attention. e Simple integration: can replace standard attention.

Architecture
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Impact on the Transformer Architecture |4}
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e Training: ADAM optimizer (Ir = 10~%, batch = 32) and early stopping.

¢ Evaluation: MSE and MAE (average of 3 runs) on univariate forecasting over 3 horizons.

Lag

Examining the PACF, not all datasets exhibit
signed relationships.

Conclusion & Future Work

e Performance: Mixed results overall, with notable improvements on ETTm2 and ETTh2 datasets but none on the Exchange dataset.

e SDA Benefit: Datasets with both positive and negative correlations, i.e. signed realtionships, gain the most from the SDA mechanism.

e Next Steps:
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